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Image Dehazing Method Based on Superpixels and Dark Channel Prior

XU Hao, TAN Yi-Bo, LIU Bo-Wen, WANG Guo-Yu
(College of Information Science and Engineering, Ocean University of China,Qingdao 266100, China)

Abstract: Image defogging algorithms based on dark channel prior (DCP) are widely used because of
its simplicity and efficiency. Traditional DCP-based algorithms may yield to block artifacts of the esti-
mates of the transmission map so that additionalfilter has to be employed for refinement. In this paper
we propose a method of estimation of the transmission map based on super-pixel segmentation and dark
channel prior. The fixed windows used in traditional algorithms in estimation of transmission mapare re-
placed by the irregular regions obtained by super-pixel segmentation, which can effectively avoid the
block artifacts in estimation of the transmission map. A relaxation algorithm is proposed to obtain better
estimation of the transmission map in both robustness and accuracy. The image defogging can be comple-
ted without any additional filtering processes. Experimental results show the effectiveness of the pro-
posed method.

Key words: image dehazing; superpixel segmentation; dark channel prior; transmission map
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