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Abstract: Multi-sensor multi-target tracking is a popular topic in the field of information fusion. It improves the
accuracy and stability of target tracking by fusing multiple local sensor information. By the fusion system, the
multi-sensor multi-target tracking is grouped into distributed fusion, centralized fusion, and hybrid fusion.
Distributed fusion is widely applied in the military and civilian fields with the advantages of strong reliability,
high stability, and low requirements on network communication bandwidth. Key techniques of distributed
multi-sensor multi-target tracking include multi-target tracking, sensor registration, track-to-track association,
and data fusion. This paper reviews the theoretical basis and applicable conditions of these key techniques,
highlights the incomplete measurement spatial registration algorithm and track association algorithm, and
provides the simulation results. Finally, the weaknesses of the key techniques of distributed multi-sensor multi-

target tracking are summarized, and the future development trends of these key techniques are surveyed.
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Fig. 1 Flowchart of distributed multi-sensor

multi-target tracking
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Tab. 1 Performance comparison of different multi-target

tracking methods
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Fig. 2 Time registration methods
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Tab. 2 Comparison of multi-sensor time registration methods
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Tab. 3 Classification of multi-sensor spatial registration
methods based on non-cooperative targets
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Fig. 4 Scene of spatial registration
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Fig. 6 Classification of track-to-track association methods
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Fig. 7 Scene of track-to-track association
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Tab. 4 Comparison of multi-sensor track-to-track

association methods
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