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AT HEERREAF M

“rw' w2 % w' E H® K B! wAE!
il REEE EAERE, TN 510275) CT 2R Toalk K BB, T 510520)

H E FAPEPMEALRMLPEFARETEE ST LN, LEEALARTHELELR BTGB R
%, A L% fe(artificial intelligence, AD) A 4 M R T 5 (Rt A2 N TR T #He9i2, K, LR LN, B
1R AL R BA AT A ok, AMRAD T RIS Al 2 K9 AT B defifk, Wb, EF A RM S a7
R X2 Al REAFRmAY AR E, A, BITHARTRASKR, ZAEARENFR L —. L RFH A
Wb KB FHF AR, KRR A T3 F AR TE, BARF THEH Fo 2R H 5T Al kAT BT % & %tk
B, AT, BERAAORE, AAMRLTAXNSABE: (1) Al E—R K AFRWIR, TRZRET Al
FrAEFa MR AR S0 AT o AR AT AT R KA T Bdm; Q) AFAER AR KGN T RwAR, T2RE T
MRS Al R BAELRENTF BRI 2R, EERREAE, KRR TAE—FIK & AL RENFBde
EOE AR o

KR ATHR, i AT, kX

HES  B849: €91

1 3]

A5 ) FBUR: A ER AL S RN 25 57 % T T S I X
PR, BRA ELW 5SS kR W
{2020 4FAH: Fat 248 45 (World Social Report, 2020) )
R, R FERLIES H 25 mE, 2B T
SO Z TN E AR T Y I G 1 I N T 4 ) R
2L KRB o XA 00 457 R R At
SRRE, WIS ER T RRE kR H AR 5L O
Yk, 2009; Vinuesa et al., 2020), A T. % ¢ (artificial
intelligence, AI)TEZZff A5 08 A HEAE &0
ST WA TR (W R, 2020; Dalenberg, 2018;
Loehr, 2015), Fh Al BEMEAREE REIEME 241t
SEAE I UL BT (P8, 1) 25, 2020; Lindebaum
et al., 2020), A B T AN ad 7 i 3 0 i
ZERMAN- (P8, XK, 2019; Miller & Keiser,

il

2021) AN, LER X RS T, AL AU
TN UL AT g R B BR YT B IR A3 BN 48 A ] B
(Bigman et al., in press).

SR AT PRAEALIE A5 T UL SE T 26
i BRI, (AFA BRI A B, BIE AL AN
ANRMPORERAER M L EAES, HEMRTA
25, AT AT EF I 3R IR W (algorithm  aversion;
Burton et al., 2020), Jf- 7 & LU RO AN R
Xt AT B3R (/s 45, 2021; Bigman & Gray, 2018;
Longoni et al., 2019), XAZFE AX} AL JL3R I — &
SR (BN, £ 8i1k; decontextualization)il:
AR AT Peif o AR5 8 A\ F (Helberger
et al., 2020; Newman et al., 2020), #il &0, 7E[FEER)
FEREE T, MR, AT AT R, O
F AT IR KU I AP ST, B
HRGR T VE A 48 FEUR R WL AT SRRTE AP
(Wang, 2018).
R F: 2021-07-13 LRBFIE R, AR AT AT
TR AR R RBORN WEME CHEIRA gy g g ek gl BCGKE Y 4, 2021),

(92146003, 71872190, 71702202, 71802203) . L & # K ot e A I N
VTR AR ] ook R A B L 4 FEFLE I, SRR ATIX 5 245k E AR A

LY 4 (19wkpy 1 7)HE Bl . PR T ARG TS LA (Newman et al.,
WAEVEH: Z0r, E-mail: ginxin@sysu.edu.cn 2020; Otting & Maier, 2018); 7ESLEE |, &R Al
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Az

DRI B R R RS HE B AT DR
RGP APEN A 5 BTG BT 4F, 2019;
Barabas et al., 2020; Helberger et al., 2020), #F
1, Ok 2 BT 4R SGTE AT DR SR 2P B 52
M PRI 2% K AR AL

F 2017 4E LK, AT PRSP RO FE
EIUIE G A, R T Ok 2R
SR AL U IS B b SR,
FIAT AT PRS2 AR OGS A T AN [l 2484
Gk, BTG — . BRI M AL
il AV SFRHIE o X BEA A T 85 A BT IE, AN
FITFRF5E H IR E T AT B3 A R IE R R 4
YRR . SET UL, ARG T AL SR AF
AR FOCITSE, SAET AL A TR0 B 5% )
IR FBLEISE, LU ARSI SH R R &
HARH, ARCAHIEZR T Web of Science, PsycINFO,
IEEE Xplore, Scopus FlHE I 5 A~ 3 ZE 45 5
JE3RAT 53 AL PR TR SGi8 SO ok
TTRGMERE I ST 00 P R A P 5 21k
IR FEUEEZ (B, W, 2003; F8F5#
4 2017; Colquitt & Zipay, 2015), &% LIS
(Karam et al., 2019; Rupp & Cropanzano, 2002), X
SOMIE RS TR AT PR -F B AR RIS 43
WP B—, AL PRI AT AIRESE, B0
U EAAL e AL XIS AE THRT AL R
fE AMREFAESE AR AR AT PSR -P-E A
o BT, AI- AR TICHRIRI ARG, [

PSR e ATRIAZEMTT, XTI R AR Xt
FEAMART AT 5 AN EBRHE AP 9 22 52 0 2 T LU
AR, ARSCRGEMEHIRFE T AT PSR AT A
KBTS LB ML, F RS2 B B 5 A B A
HEZR, HET N RN AR A M E A5 5 T

2 Al B—RRHEAFRMFAR

AT PSRBT T 2R AT AR
PRI, AT TR 14 52 0 DR 28 B LA
FAMLE, 256 ATFRAE RIS AERAE BN D7 1HT o
2.1 Al $51E

Lee 45(2019) 87 £ H A9 5 12 TR SR 24 F BB HE
BINH, 16 Al PSR, &I (transparency) |
A 454 (controllability) £ K W 4 (rule) 2 5 Wi 4~ 44
ANCPBONMEE RN R, T RARER, IFE5 5
A SCHR, A SO AT RSB IPE . ATEE M L A0 A
id 241 (appropriateness) PU-~ 77 T X BLA SCHRIEAT
(L2 1),

211 ERE

5 BAPE R IMANT AT Peofe i R4l SR S5 AH 2%
{% BBy AT K45 F2 B (Shin, 2020; Shin & Park, 2019),
FAUFGIERHE (Lee et al,, 2019). fitB¢: (explainability;
Shin, 2021b; Shin, in press; van Berkel et al., 2019)
Filf B XM (explanation styles; Binns et al., 2018;
Dodge et al., 2019)%, Al 3R AYIE B ME R 2@ T
A 8 B R T B B e G PSR B ISR
FHH, AT YL3R 9375 B M XA 14 A - R ] RB A7

1 Al B—RRHRFREHARZE

251 SCHkEcE R HLI Y& FAE
8 B ATHETE/ Binns et al., 2018; Dodge et al., 2019; Lee et al., 20197 Shin, 2020; Shin,
sk 2021b%; Shin, in press’; Shin & Park, 20197; van Berkel et al., 2019°
Al FFRWEE Leeetal, 20197; Uhde et al., 20207; Wang et al., 20207
Al F51E
il B PE gk e Chang et al., 2020; Cheng et al., 20217; Saxena et al., 2020'; Srivastava et al.,
2019"
5 WM JEfEE ¢ Harrison et al., 2020*; Grgi¢-Hlaga, Redmiles et al., ZOIST; Kasinidou et al.,
2021"; Nyarko et al., 2020'; Plane et al., 2018
6 ARG EEHY/ Grgié-Hlaca et al., 2020"; Pierson, 2017"; Pierson, 2018"; Saha et al., 2020;
JARAE WTEEARME Schoeffer et al., 2021; van Berkel et al., 20217
AMEFFIE

N
W fE

HIEEYE  Araujo et al., 20207; Grgi¢-Hlada, Zafar et al., 2018"; Htun et al., 20217; Langer
et al., 2018"; Shin, 2021a’; Smith, 2020

TE: R SCEE R T ARSI S R AL, (E R IEAT SN R

" Lee % (2019) AR R T ATRFAE 1935 W PERTAT b, BOFAPIAS T35
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TEXITGIRON; - B PT e 42 155 38 B3 - (interactional
justice; Wang et al., 2020), 7] GERFIR /> HL 2
(distributive justice; Lee et al., 2019), —J7 T, i
W T DABR S AT AT 25K 038 BN T (Wang
et al., 2020). AL JRSREWITEBR S, TR 4Ladfn &
RRARDG . BARFIFE 4, AT AT D3 i 3 i A i
e, PR A BRI S (Binns et al., 2018;
Langer et al., 2018; Shin, in press). 4, Binns %
(R018) K I, TE AL VAL LRI A PSR A B v,
1558 R R GBI, 258X AL
KNS NS . o3 — 7 E, F Wk AT
RERE AR AR XS AT PesR 19 43 Bl A Tl (Lee et al.,
2019), filfHl, Lee Z£(2019) & M, FEREMA MBS 5
T, AL FC U SR B AR AR B (N, 43 Be s R A5 Y
IR, AR AR R AN )
F18 L R, AT R AR A A 1 4 BC 2 S R
(Lee et al., 2019),
212 TWEtE

AT PR E AT AT PSR R AN 45 R A 45
T2 (Lee et al., 2019), f$EHLK S (locus of
decision; Uhde et al., 2020), 55.7:FF & (algorithm
development; Wang et al., 2020)F15 5 45 il (decision
control; Lee et al., 2019)5%, AL P35 i) n] #5418 13
A AT SR (AN, A% i A S Bl e 352 R
)4 T R ) SR 5 i 2 ST SRR AT o AT DR BRI AT 48
T, R R AT O AT R B R A
AT AT REHE R I (Lee et al., 2019; Wang
et al., 2020)f140, Uhde %5(2020) % B, 7EiEATEE Bt
HEPEH SR, AT AT SRIFATHEREDLR, =
PARSE5HP . 5 Al —BUMERKE, SHkE
e 2 B
2.1.3 i

FUW M EAE AL P35 B 5] (Hutchinson
& Mitchell, 2019; Shin, 2020), 4§ 4 fi M7
(allocation norms; Saxena et al., 2020), 2\FHm®
(fairness approaches; Cheng et al., 2021)FIIA 5 AL

% ST AL A5 4 DU (RSP S B L SR R R B
1) 55 A3 FC L ) (BP e AR 3  LR A D SR R B 3R 45)

N A =R AL AR TR RS RS
B R . GET 25 (U R M Y 21 18] 1E 4326 K [the positive
classification rates between groups|t45) . 4 Lb ] (AU R
P 7E 25 20 18] 1) 4B B 44 2 AL BA P 2R [the  false positive and

false negative rates between groups]#i%5).

fi*(benefit trade-offs; Srivastava et al., 2019)%%,
AT PSR R0 00 = 5 A 0 0 B g g — B (B
AT R DT BT R A UL ) BB ] (7 — S0P JBE ) A 5 il
AMEBY AR o A AR, AR
AN/ 3 o N5 5 W 1) R A s o L TH/A A
(Deutsch, 1975; Leventhal, 1976), B, 4 Al
AR EEAF & LR, AKX AL SR 1Y
IR B ST (Chang et al., 2020; Cheng et al.,
2021) . Bl4n, 7 A0 XU B Al (recidivism risk
assessment) Fl & 2= I IE 5 h, AT JesR By L0 3%
B R SEEHE BR e s (R ZERE ], demographic
parity), RTINS % R 5 BB, 2 IR
HI 8 (Srivastava et al., 2019),
214 EHME

YRR AL PRSI AR B i AR
(Kasinidou et al., 2021), f34F g5 K 28 24 #
(appropriateness of factors; Kasinidou et al., 2021),
o i A 1 25 A 1K (5 8 {8 (information about
race or gender; Harrison et al., 2020; Nyarko et al.,
2020; Plane et al., 2018)F{5 B AH 1 (relevance;
Grgi¢-Hla¢a, Redmiles et al., 2018)5% AI PR 11E
24P S A A B R A Y O R
Mo 24 AT PRSI A5 B3 PR AR (1] 4,
SKFHPES] . B AE A UL A5 2O, AT BE 23 mi
BV TERY . B E PR SR, I i —
R A 73125 F (Nyarko et al., 2020), iF Ifif B AR
NSRS, AN, Harrison 55 (2020)7E 8 58 & 75 Ui
TR F R AR 2 I, Y AL PSR AN F Al
fFRES, MESTER AT RS A,
22 MKFHE

FRIP AT SR T AMARHIE RS AT PRS2 IR
FIR)F I (Htun et al., 2021; Saha et al., 2020; van
Berkel et al., 2021), B FEEAI(BIAN, X8 Fk;
PR B ) TEAS TR A A Z T8 77 78 22 5 (R =, 9K
W 4%, 2020; JEWE, Jearse, 2007; Graham et al.,
2013), RIAMARY AN D GEiH#Re e (il n, P50, 4
I R0 WO 5 ) RS 5 00 23 XA A 1 1
TEE e A RS A, 3 I R MR AT B3R A7
J&% (Graham et al., 2013; Pierson, 2017), J:T i,
AR SCAMR I N GE T 22 R AE 5 RS R (0L

* AU TR AR AT R
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5 T8 SR [ JB AN AR AE X AT 2R 56 28 S S B 5 T
W,
221 ABOSit3HE

AW EEARD T AR ZEER
JERBAFEERS AT AP BN 5200 7EME
S5 T, U BRI A B AT PSR 0 28 S SR A7 AE e
9l 2 5 (Grgié-Hlaca et al., 2020; Pierson, 2017;
Pierson, 2018), |, Pierson (2017)& ¥, Z:Lb
BrEFEECHEME, FHik, ¥ TRET B W
WASB.n, YK AL Jesk, Lotk B
SRR, TEARIR 5, RS K BLAE I
X AT PSRBT A 20 (Saha et al., 2020;
van Berkel et al., 2021), 7EZZ B FEE i, WA
HRERNT AWML, HamE LA, Mk
)2 R AT MR, X AT DR %) B A B
N B%H 7 (Saha et al., 2020), 73 4h—FR4MBF5E
MR T AR B2, Bl4n, van Berkel %5(2021)
R, S HCE KOV B E S A, B T X A 2
AT PR A JBUBE, FEIT ARG . R AR
IR, Schoeffer Z£(2021) &M, MEXT Al
R AL T KT B, R AR T 7 b P AT DR
JE R, I R
222 AEFHEMR

WA W EZ AR BT . MMABOA A |
NSRRI PR A DG 28 13 55 D7 AR T RS S5 i
TEDULRT AT R 28 T SRR 52 M) o A S SRR B 1
MAMREFLEREFET KRAEAME . HRIAGERE.
FAFEEXT AL B3R /A - B AT 152 Tl (Araujo et al.,
2020; Htun et al., 2021; Langer et al., 2018), I,
Htun 45(2021) & B8, ARIF M B my, B A5
TR 3 P AR 53 A - 1) AT PSR R AT 232 1), Mtk
PR o Araujo 55(2020) K BE, A B
KR, BT RENTAE AL LR AR M, HEmA
RS . AR BRI 7 T, Grgié-Hlaga Al
Zafar %5(2018) & B, BOIA 1 F1-AR X AT RS
OTIRGN  EEAEOG, A R 3R SO ) AR S B
JREE R, N SR R A S ORI 1) A5 T R AT D
DURRIESR B AT PRS0 28 P B AR 72 P AR
T, BRI, APESE RN MA SRR
RO, BB T AL R Z A, AR
IHE =5 (Araujo et al., 2020; Shin, 2021a). £ MAZ
J375 T, WEFE R B AT RS 23 32 B A A L
A AH & 28 7 (19 B2 1 (Smith, 2020) Bil4n, 2 s

BWHIE 2B, 29561 ATUSR M 8 A
BIFABEE 0L IR XU, REXT AT PSR A
BB AIR (Grgic-Hlaca et al., 2020).
2.3 NG

25 b, AL B — PSR 1 BRI SE 43 I AL
FROECRD AT PSR Am WIPE . mldatk . B | &
B YFIAMAERAE (I 1 SRR AE FAAS A (B 0)
W TRR T HXANME AL B38BT B 520 .
FARE R FEE S AL & A, BT
PRARME . WeoRUE R MBS E . TLIEH, X—
FWFORE AT X — 3 24P FAR AN o,
185 S A5 G0 0N ST ST A S HE (B0, Qin et al.,
2015), KARBEIIF G (R ADFIRIE B2 H BRI
FEOE L] 52w A A AT BRI IN, JF ik — A5
ML/ T, X IT & T IRATXE A R An
T I AT BRSNS 3 — 7] R0 ) 34 A

3 AI-AEZ AR AFRBAFAR

AI- AN IR SR B T BN 5T E AR
T AT 5 AEAE NPk EARET, A AT 22
5to Gray %(2007)3 ) (.08 B A BLL (theory of
mind perception) A by, A~ A 3 i gk 1 ER 37 Pk
(perceived experience; BJEHITEZ . R . BIRSE
B BE S1) R RE B 1 (perceived agency; HIIE % | it
R A EATBIRIRE ST )BT THITE MO A 2SR (i an,
N BhH L AT A5) DA (mind) 1 32 WA (7 SCBE 46,
2015), 33X — B 23 BE— S AT B AT O
i FI B2 )3 (Schein & Gray, 2018), T tt, BAH#F
5% 2B PIRRAZ M R BE Bl R T SR X LA AT AT
AN EWERG 22 5, FFmiE s R Al- A2
TIOLIRR A TR, ELARHE, BRI M
TR IAEA X 12 SR (B AT AL FE TR SR ik
TP AT R B RIS 1E 28 . TR L ACUT S5 g
JIRYIEIN . BTk, BB ST DR 37 1 25 7
(BPHLIR)EYE vs. 23 JBPE)EXT L ATFI A S P sk
ISR 22 5 o BN B Bh Pk R B AR BLAE A R X
AR AT ) FESSR S R BT R i B £
REJT MR BE, T PR SR 104 7 A 2 R — S0 R S T
i 11 9 5 % [} % (Fischhoff & Broomell, 2020), &
T, FRAMI S S Tl D S ) o 8 1 (B 7 Ak
vs. BRI M—EH N EENE vs. EUE
PEYBIASJ7 THRXT L AT AP 3R A - I 1) 2
(W 2),



1082 O 3R ORE A R %30 &
R2 AI-ARZTRRHORFRAARZE
Bl SCHERECER: HLIRISE HLi fE&, H
1% % RN NG Helberger et al., 2020"; Kaibel et al., 2019; Langer et al., in
HLAEEE vs press; Lee & Rich, 20217
R 11 ) HEhE AR/ T Acikgoz et al, 2020; Lee & Baykal, 2017; Noble et al.,
3 2021; Nerskov et al., 2020"; Otting & Maier, 2018"; Schlicker
et al., in press; Wang, 2018
faifbJmtE vs. s ERpd ZMESL/E R/ Hoddinghaus et al., 20217; Lee, 2018; Nagtegaal, 20217
SRR BatEmR /i fett Newman etal., 2020
— 5 — 5t Howard et al., 2020; Langer, Konig, & Papathanasiou, 2019;
EWEME vs Langer, Konig, Sanchez, & Samadi, 2019
320 6 L EARVAS Marcinkowski et al., 2020"; Miller & Keiser, 20217
TR FRMEE RIGeSt, = iR, 2020

TE: R SCEE R T ARSI SR R AL, (E R IEAT SN R

31 HWEE vsiHEEH

AN AT B3R A AR D 0 R 5 e %
AL 5 AP0 A I 22 5 ) B ZAE VLS . He
Feat R )RR S M (AN, A B Sl ) 2 A AR A
ONEPERE T (ZIT 45, 2019; R, ALK,
2012; Qin, Huang et al., 2018), AL T Ak,
AR AT PSR B S B BB, EAh
ANFEHR L AT YL 3R BN - (Helberger et al., 2020;
Noble et al., 2021),
311 [EEK

AT AL, MATETE I AT 7
JE B/ Y (Martinez-Miranda & Aldea, 2005),
AT AR, Al Yook B AR A B
(personableness) fll 3% & (benevolence), I 1fij 23 F
JBHI T (Kaibel et al., 2019; Langer et al., in press).
4N, Helberger %(2020)% 3K, X <IRiA A ity
MR EIA T PeE: AR AL, 5
TR IR R 73X — JF PR (]8T, 25.4% 10 2 5 35 BH #f 4
FIFE GRS M PR AR EE N R, 1M 21.9%
MZ5H N AL ZHRE RN, ARPSRE A
o dE—2 M, AN A 3 4 TS R AR AR
Ge NP 7 S G B S, AR T R R
P HER SO /A S o 0B 17 B[ G  ah-a ]
YB3 X RS BN S DA L ST
AL T AR, Al o282 1580, Bk
R AL PR TN SR, WTF &Pt Nk
s D70 T B A0 ) o7 B S0, AT TR L A T
EA S0 R AR P14 (opportunity to
perform) (Kaibel et al., 2019), #ifiiiAl Al Je3R
N, 2RI, Lee F1 Rich (202 1)t & B, T

AR AF A BT RS (AR B, BEAE PR T AT IR
RHNT; R, YMEXEAYR TS ZF
PRI, AT AT F0EE Az e 5 0 2 - I 15 A ik
EER.

312 EH3)

FHEE T AP, AR AL PSR B 54
ME S . PRI Al MRS (Acikgoz et al., 2020;
Otting & Maier, 2018; Schlicker et al., in press), it
M FEBCEARA A RIS, A
Xt AL T R B B D ) R LS A WA L2
(reconsideration opportunity), 2% (treatment)
F0 XL [0] 75 38 (two-way communication), A A& B A
B 2 [7) 3 24 7 (propriety of questions), X4 [K 2%
22 W R N B X AT TR AY 2 AT (Noble
etal.,, 2021), 25U, Nerskov 45(2020) %,
T AN H R, DI X AL TE R R T A
(procedural justice) f138 H./AY-EAIE AL, dh—2,
AT A RBYRRERZ R TS AT PSR R . 5)
PR RSN, PRI T AL S5 A SR 1A T B
%5 (Lee & Baykal, 2017). #il4n, 7& Al 454F 5T,
Wang (2018) &3, 7ERILIKE T, BT MEINH
i AT PSR B 2 X PR 2 F RS, T
Al RBA OIFRYR AT BRI AL B
R B RLE B L A R L, AT A4 /N
HTHE A ZW AR AL AR WA
WIS EARERE T, MNP E S
FZM 3 (BN BRAUI) P T 3R AR AR A
BRARRZ M o X m ABREU Ak U6, 7EH#E
WH Z i Re g AR R, I, AT A
PSR AR N BRAY ) AR B A Ak 1
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Az

AL AP SR AP IRIR 35 25 7 (Lee &
Baykal, 2017),
32 EHHEMvsERXEM

AR AT PSR Y 18] A S 1 o0 o 2 52 i G
XF AT FASE TR 1 8 22 e 1) o B Y ZE AL
(Hoddinghaus et al., 2021; Lee, 2018; Suen et al.,
2019) AT LB, MINS AT R S5 52
RAEA R OEAE TSI A E 20, Bk, 4
2N AL PSR Z 0 T 75 5OM B 85 R
(Balasubramanian et al., in press), fijft T {5 B4t
Hid . Newman %5(2020) % B, 78 A2 ke 56 i 7
B, ML T AZRERR, Al PR & S EUMRBAE
BEMEARM R T &, JE R ARAR A 2 7 2%
Ho AL, Nobel %:(2021) &8, MEE#EIN R Al
REEIRE“F I Z E> (read between the lines),
AL a7 D3 0 3 19 T AF 1000 AH 2 M job  relatedness-
predictive) . TAE P &AHFM:(job relatedness-content)
AR T NS TR, F X AL PR ATk
A . Nagtegaal (2021)i 3 XF AL FLA K B 78
N Tr) 52 % S5 1 1R SR 45 1140 A 1 J A 22 S ) F 5
HE—BTESE T MRS AT 5 10 1 16 J 1k 1 S o
X AL ARSI B i 22 2 /e . B
TR, AR ATAS B2 DA S B R A5 B i iR
MIRE ), PSR R A, PRI 7 SR Y 3R
55, MR AT PSR HRIER 4
JORAE S5, MR NIRRT AT
33 EUEM vsENEME

AT AT B3R B 7 S 60 00 2 R Wi X AT
AP N TR 22 709 0 — EE N AEHLH
AT AR, MMAIA S AT DS AR 0% A2
LY P SR AR S, REAE A TR E S L R
FFIHL ] (Lindebaum & Ashraf, in press), K,
AN AT PSR B T 0 — S0 3 W,
IFHSSEE D THERE, #HMAN ALK L
NPT,

331 —Ei%

AR R 7T DL A 26 e sk ik 78 1Y) 3= 00
PEFIAS P D T, BE % 1R UE PR 5 4k 72 A 1T 2 A )
R NI HE 2 AR R HEA I, T Ok T
(49,3 7l (Howard et al., 2020), 540, 7E481E
Sk, R ECNE Y AT SR — S B T
NP, FEMIAH AL RSB 2 F- (Langer, Konig,
& Papathanasiou, 2019; Langer, Konig, Sanchez, &

Samadi, 2019),
332 wirk

Al PR IR W E A AR L 79,
RIS AT PSR E L Y, BIA Sy FETE 20
(Miller & Keiser, 2021), Miller 1 Keiser (2021)Lt
BT A EE R AT SR AR A N
SYCRI NV, PR, BASHHIAN,
AHLE T A NE YR, AL SR 2T e 7 A Ul
1, AR AT AR AT, TR
BB A3 AE TS AR DF T PR SN B8 AE H b iy 9 AR
(Marcinkowski et al., 2020). %N, &M
I3 WU 1 2R SREAT 458 AR B X6 2 WL 19 K T i,
e, e RS B rh, MAZI Al
RTINS MR W ) e R B rh, A4k
XF AL R ZE PSR 1 2 I RF B 1 35 25
(Marcinkowski et al., 2020),
333 HMEHE

EE TR0\ SO W S O EE 1 R N N R i
TR ANEIRIH & T IR & W E R, TR
KA - (Brockner et al., 2007); T34 AL R
BF, AR AL 28T W E BB, ok
AR N8 RS, Wk, MEARSH
TEHET AL #FMiAh AL ST, fildn,
R W8 % AT B A/ (2020) K BE, 5 {H B & WX AL
PRSI, AT AR L AT SRR T
FAE B, BB ATSE W] BRI N B2
WEABE TR AT AR, M
A PR LB N R RTEAF
34 NG5

ZAERE, A AI- A IR A TR
MR A EA B —BAEE . A LM,
PP AU, MR AL PSR 2B (fil b
5 RN B3l R A (LA k), P NS T3k
FINSFE (4140, Newman et al., 2020; Norskov et al.,
2020); 75 —#BA-BEEEN R, LT AR,
MR AT PR Z A (—hE . o MR
SRR, Bk, AT E AT (B0, KL,
il E 4, 2020; Langer, Konig, & Papathanasiou,
2019; Marcinkowski et al., 2020); [RIH}, BAFETED
HFR A, DEX T ALFI AP 1 2T
WA 3 %5 (Otting & Maier, 2018; Suen et al.,
2019), IR —EA ST R B EE th TMATE
X R FE TR R S, SRR AL A7 22
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SPLAE T . WL . FE M), WY
TERET AT AR & R E 17 0 W vT e AR AR KRR
BB IR T ELAR B P S A B RS RRAE CR I IS,
A7 K, 2020; Kaibel et al., 2019), a] LIFH H, % —
KR EERESGEE N TR AHCHIS A AL
IS, AeHiT AT W6 2 pe 3 3 ]
R M AU P 58 S A PR N Y 25 R, T R )
HXPA R Pk ERE AT X RHRT
A LN 5T AR X R 3R 3 A A AR Gl 52 i 3 -k
A AH L o

454 DL LT S T SCRRA B, AR SCRZE T
AT BN IRARBISHESS, Q1R 1 FiR o

4 IRIBHLE

TERT SCHUB A LR L, ARSCHE— B3R T AL
DRI A TS B B HLE] o fEAF4E Y
2, WSR2 BT BRI Y I R B 22 S UK,
AT RIS e B A ol 2 S R R A 13 1) A X
B, Wi, ASCHEERBE T ARSI AL
W, UL A AR EEE L . Oy T

I b SRR A SRR 22 57, AR SCHREFRTSCAYE
FEAMSE, BB T LU A P A R v B A S R
H BRI AL
41 Al B—REH N FRMEXE R
411 BEEMIEL

JEESLAHFTS (moral foundations theory; Graham
et al., 2013)IANy, BT W2 A DR A9 38 1 B0
SR, BA S, (A5 — =l
T 1 ST T S 2 B R BRI R s2 e, B —E 1Y
T A5V (variability; Graham et al., 2011; Haidt, 2001),
WA SR YL, AN R AT e S 4 [F]— A~ T AR LRl (1)
n, AT A M S R N TE A R Y),
TR A O ) 3 AR 32 0% 1 B A AE A A 225 7
(il ASTR]AS A 4 S50 5 A T A B A ) D
A 7 51¥); Graham et al., 2011; Graham et al., 2013),

FFEEEMIES, —Jrm, MR E T
M. A B A B, X T AR
FHOCAR BB, HERI . FRESEH AT PR A
SERIWT. BHUL, 18RI B0 TR RE AL FRE
XA Y 2, TN Ry H B

AT FHEE: BIMERE . G550 L4
AMEREE: Fik. MR, RBERES
BB RN/ AR, REVIRK
EPARIEARI . SRAFINE

AUBE
AT | EUIE: B, R, RN
T RS . RTTR . BRI e
o | R AR AR s R, BREL. WEHL
G | B SORBIRE S, FOAIERS
MRS
TEHIE AUREATBA
ADGEHAE: Fik . 4RI, ). 2 BIRRFR
TR AN ) A, TR > BT
AR ARAETT A ERBCRI I ST
NI N O AT
i Al vs. EREM: X1 |
| AT vs. A £ | SR v, TWmS: B0k, FW | |
N st FAEHE |
% |
= AUBE: B . HOE . 25RRILS |
| AMERE: AT | R B |
L KU ARSI
; WERAHE: HAT% . J % |

AT PRS2 9 52 1 R 3R A0 AR AL
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fl4n, Nyarko 4§(2020) 858 & B, HI AT X =
1515 ARCOBCER A A7 1 JRURS: PEAL B, A4 X (o o e
SRS B AL R I A BN AR, oA
S TRINS I~ S R 1 1 N1 | B2 [P S N/
(Graham et al., 2011),

Jy— T, AN I T A O AF B (i,
PEG | RIS AT PSR R 2 2 B B &
FRAEYSEI . PRI, 3 3 Atk B b 4 P A R
ASRFFAEXS AL PSR ATIRAN g i R, IRk
RN DGR . AKE T (55 25 52 T
HXT AT PR 143 -1 (Grgié-Hlaga et al., 2020),
BN, W E B, Lotk b 5P B A B A,
M, Lo MEXTE AT AT BE A O ) ) A R R
TEB) AT PR 02T B AR (Pierson et al., 2017),
412 RERREIR

N JE & BE (fairness heuristic theory; Lind,
2001)INHy, R T TA A AT L BRI AR,
MMESFIH A CEMBINATER, B &R
B AN A HE AT 28 207 (Qin, Ren et al., 2018)., JtIE
EAEAR B2 B B R BT, AT 1) T )
FMESE TR A TR . 58 FARES,
FE5A OA FUE &k IVH b IE B — A X i b 155
B3 AR N B (25 e 48, 2002)

T NFIR RKIIE, AL VB —FRhE ook
EfR, BRIV BB b=, X AT RE SR
AR AN R TS & 2 )% (Acikgoz et al., 2020),
S A ) TR A S & AR MUR A F B,
TREARKT AT B3R 12381 (Grgi¢-Hlaca, Redmiles
etal., 2018), B, A8 ZHICHH T 48 F A
FAm BB Z SiBOW 1 ARH0 E ME E  ASRXT AL
P YN A1 (Lind, 2001), 40, Grgi¢-Hlaga
1 Redmiles %5(2018)/F 5% & B, AN 24 H X}
ATHER B FEARRAE Y P AE S8 1 A o b e 1
fRIAF TR K2R, FRIE AT AT S5 1AW,
413 AFHER

INSE-HE (fairness theory; Adams, 1965)IAH,
SNCPRRAVREE T AR S M A Z M B A s o
FLRIMAEN A I LEON AR . XA T A
— B SRR 2 5 M A AR 149 2T 40 D U B )
(an, AR PSR R R L), HEin R
M Xsf A [7) UL T BB 1] > e 3 A 2 S IR0

AR A28, AT PSR A 2P PR 5 4
ENERE AN W B IS A i 154 TR

PRXE AL B35 1928 SF- /841 (Shin, 2010; Shin & Park,
2019), JEIEY AT PR3 AR 5 AR 2 - B )
— A, ANRE AT RGE S Bk, A TENS E
B TR, AR T AT SRS A 2 R A
W5 A AR () — B, X AT B— ik
ISR . A0, Lee Z(2019)k B, 44
RSB 5 AT PSR A U AS [, A
PUE] AT PR I 1A R R, M REAIR T 2S-SR AL
41.4 INGS

ZE L RTIR, AL B — PSR P BRI 5 1 A
RIS, FEILTAL GBS 1) = Fh LA,
RV A8 55 W0 A L A BN T A R 23 S8 4 A A
(ZEME %5 2002; Colquitt & Zipay, 2015), JfifF
AL FRAE AR AE X AT P56 2 S B 14 5 00
Bk, 8RR R T S WA, A
SR A VAR 3 3R A AT A S AR RO T AT PR
M, XEIEE F R E TR, AL & M4
AN PR AR 3 5 T A8 S AL S AT A S
M e, AR A BS R TE B TR A, Ak
ATV AT BR A 45 2B 2 3 e i & 2 A ofe ]
AL PRI, X BT 3 B H T Re, Al
7 W PR TR AT SRR AL S e AT 2SR Y i
o AT RN TS 3SHMAA, A A RE
i AL RSE R AT R S e B A HE W
T R HIM AL DR A1, X R AF5E F 2 E
FERE, AL T4 R0 3 1o 75 SR T R AL 5
W) AT P32 TR 3T e
42 AI-ANEZTTRFH AT EMHRBHEX

Eig
421 HENEAMSSEEER

TR HAE it &5 5 H BiL (computers are
social actors CASA; Nass & Moon, 2000)IAN, A
IR SEML B At 2R, BDAATT#E 51t
BHL R, 2% A5 AL ET R PSR
) BT A 2R F B ML BB, A
B3R | W NN A N R S Rl A S 1
XAPS Tz s E AN -PHLs s,
R A BEFN T AT HOAR (0, AT 5515 2
A7 R R RE(BI4N, Qin et al., 2021; Qin et al., 2022),

Al- N 2R IR R I S B 5T, FSE
RWHET A- AL HAEE S5 A-AL ZZEAFE P
AR TR L PRI, CASA BRiE 3221
TR AT N B3 EARINMA R RN, FHFA A
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MRTE L3R W 52 A S O BN AT R SR 2 AR
LY. i, 3T CASA HiE, Suen 25 (20194555
T TR AT Pes 5 NP5 1 A 8 P I i
Sela], F A& IAATIN b 7 A e 5 A T SR
AHALAY
422 WEHEE

fij {L B2 (theory of reductionism; Choi et al.,
2007; Nisbett et al., 2001; von Bertalanffy, 1972)1A
A, BANER A A5 B 8 a1k (quantifying) A B
e A BT MEAF B 23BN B 5l B 15 B R AE o 3 Fil
R ALY | 2 551k 1Y (decontextualization) 8 i1 25
S EA R TH AR R

R LS, M LT ARUR, AL SR
SRR 23 B A e S R 2 T A R A B
iy, R, Wi EIS 328 TR AT AL 2
FAm DAL I AR I A 5 SZ, IR AR
B AL 5 AL T H PR (G B R 22 5, i

SEMA L NSEIRRGN , flan, T EEE, Newman

(20200 B, fENFRFLFES, ML T A%
RO, AT PR 23 5 B0 S 5 TR 26155 B2 Ak i A B2
TH o, T AR B X AL B SR RN SRR
423 HB|REER

Hl#%)E & P38 (machine heuristic model; Sundar,
2008)I\ K, HLAS L ABEE R4 H(HAG(E 0, B
AN 5 AR B R — B HLE A& AT,
AME 2y A SR 3 THLE R ZIBREN G, DA
SINVHEREWN . BPUES LM ILWEE, N
M5 1 &AM R o

RIEHLE S R, MASUCH ALK LA
KPR EEMEG AT, FHik, YLava 2T
e F R RS AT A sk % Z08R B0 5 70 i,
IR RAERT AL 5 AZEPIE 2R ED G5 [ i
TTE 22 5 (Araujo et al., 2020), Flln, FETHLEE
%R, Helberger 25(2020) & 3, 438 H A HiER
P IEAES ALTIARE AT 2B, o il & FH
FabLEs e & =84, 15 FH P AL EeE #l
PEBERE . A I UL, #EWACHE AT R3R L
ANEPETE RN
424 INES

25 BT, Al- AZE T InHe R A BT T,
FERILTF MR AL FIAZGX R
R B2 R, SRR PR XS AR 3 4R TR Y
R TR 22 5% . BAACRUL, CASA & T

ALt E M, I MEEA- AL BB S A~
Al ZEHAF A A TIRAUZ AR o (/T AL
T AL MfRLEYE, AR AT SR AL RRIE &
TEAPRIBA AR YL IR AT SR BN Hlasa &
HIS WM E F AT ZEELE, A ATZF U .
Te A WA 2 BN G2 25 AN AR BT AT PR LE A28
PIEH AN, TTLUE B, AI-AZE o s 3R A P
FIEFE 1 AR T8 il — B, XTI RESE RS A7
ARIAESE T ER . T 5 AZ® XS i
Al JBHEAE .

5 MIREESREKARTTE

08 3 %o BR A SR 2 e [ AT X RS L S B
WBE, WLURHL, R AL Pk A PRGN 1A 207
ROADIE T %Rz 60, B8R
RN, BT RGN, WAL AR . HARORI,
FE AL B— PSR B A I g i, S—, BLA
F 9% 25 B OC A PR An o] 2 DA H I R () an, T
R TESEE AT AT BESR A B, = XA 56
TEENLRI T, 5, HAMRELRETA
PeX AT PSR 7 43T AR 28 S0 T R, Bz
XF S E NN OGTE ;3 =, BAWE FEC
AN B 28 AL I PSR A IR, il 2 X6 S A
25 AT (13, HLEE A ADBRE A RRANER .
£ AI- AN IR 1 2 RN g 77 1, S,
A BT 8 R E B — 4518, k= X il A AR
W, Bh, WA T ATFAAZEIE Nk
BRI A PR E R, B2 X AR FE B
TR A2 I (B, SRR S BRI .
T FRARE, ASCEEET LLT ARSI M .
51 #HE Al RELAFRAMAEEZ HLE

WA AL PR BN R A e o 2
A AN AAT38 1T HL R IE RO AT PSR 2
RGN, B XHE AU R E . LU
WEFEHE Hh, A A A B0 B Hosg i P 3 2 [l A7
FENIFIG 45 0 XU AR A FH AL (Colquitt & Zipay,
2015), HtZ X4 ML TS, AFTFXE Al
PSRN IR IR S A R, Rk, R
RAFTA LB RGMST AT PR AT 1
e HLER L B, PUA TR B, AR
15 B AR M RAS 0 2 P 2l 2ok 5 | R AR 14 A
25 (1 an, fatR), TR AR 2 P IR (R U=
ZWT 4%, 2020; FJfF %, 2012; Tene & Polonet
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xsky, 2015) AL fEN—FgrX4adesk £k, #3R
PR {5 B o = (Langer et al., 2018), X1 g
B RA BTG 2, RN AT RS F
A, 25 b, ARSRWEZE AT LI 2 00 A ok it —
AR AL PRI 52 R AL
52 HEA REZTENFRAMNPIMEE
WA KT AL IR B A S 2 %
R =R R AR A RS A, R
LHN VR RER R Z . Bk, ARBF5ET L
HE ALYR A BN RAN R N R, DOE 4
6 RS H T i BN, AHEL T A, AT IR Bz A
FRH 3145 (Glikson & Woolley, 2020), 1l g4 S
FA B E BRI B dE—2, AL IR
R 2 HLN BN I 5% DR R T BB S A AR — S A
b Biln, AT ZERIT REJE — N F B T A AR,
Mt B IRER AL MR AL, AT
AT USRI 38 BT IRA BT A, (R
Pk FHCHHLEE ANTE AL, ANMEXT AT B3 058
NIRRT g 5 PR Y 22 BN
53 REWB/ARE Al RERAFRBABFNEE
AR FE TR ER AL FE AL
RN (1N, Acikgoz et al., 2020; Newman
etal., 2020), Ht=XFHLEEATE AT YR 200 11
K Man NE ALEA =LA (anthropomorphism) .
1 AP S % M (immediacy) . AT fili 4507 (tangibility)
254 15 (Glikson & Woolley, 2020), X 46 [ 4 nf
B2 52 A4 AT PR 11 2 P 5 (Acikgoz
etal., 2020). 5 T tt, ASRAFF ] LA — L4051
X HLAR ANTE AT P 208 . Bilhn, ©A5 i
FEM, HEX A MBI AL BB A bR
HEPE . FFECE RS V838 (Acikgoz et al., 2020),
FEAAXT AT PRI A B . B AL AN TE
AL FES R b B v B B i 0 N B LB 1 . P s
FUBL) I5 38, A] A8 2 3 S A ORI 1 BS54, E T
PR AR . HE—25, RG] L
HERMANFIER AL RS A PR 225 45
I, BRI ATE AT PR 12 AL
REMBLA AT PSR- B AR S e S i o 4
T A IA R, I B O 4 3 512 B 418 1 o 4 T N AT ALY
851,
54 HREM AI- AL ZTRRHA TR
RE&EH
WA AI- A2 IR A AT IR A58 R

e —8g5e, AR K Al Jesk A F
(B, REELE, AIERE, 2020), 5 —HoraF5E 0
K I HR T N-(F] 41, Newman et al., 2020),
XA REAE TR AR B B A A AR B, B
KHNAEMT /AR ETRE - PMETENH AR
o PR ATl AR S AR, AUk
TR PR T =, MR AT BE XS A 2R 5 9 2 ST S T B
iy MR, MUK NAE T AR R SR, AL B
FERERR M =, AT BEXT AT PSR 19 2 T
TR, Kk, PR SCfk 22 A AT g — AN AE
B Ao BT SCE R B A R TR, P S
IG5 2 — Le TS 450 nT Re o i k) 2
EA LS L, #EX A EERR, B
BT it — 20 i A R A5 R I A — R
X AW AT A RS
55 JFREEHESH Al MAEXKRRETATE

BENRI S

R AI- AR i AT BB T,
HRTUF AU L8 T AT FLAZEAE Sy B 5 32 AR st
My2E5, 62X AL ARAEJSR Th T o B 2R 15 T8
T, — DRI REE AT RASIL R 52 i,
FERXAS LR, AT AN SR HH AN [a] 6 (15114,
ERHBIR SR v, A ZSHH B AL ook AT B A 258k
R . ZH PRIT (40, AL Sepesk N2 e
W ANFIEHIR AL J5 YR 45 ) SRR T BE XA Y
WG FEEE , FHAT E, AL AL [ g sk
R PL S O 2580k 18 £ b 7/ 3 K (Newman et al.,
2020). fa4n, FiRa Rk B A A X A0 I #EAT 12
¥, AT ZR4 457 T AR 7T 45 S ok flf B = AR ik 4712
Wi ; AR ZiRmkafd, Al 7358
W Rk A R DT, e A R A
KR A PEE N L, AT I ZRPR LR e &
T AR EEEE R T 6K [] ) P SR 15 T an el 52
RN N RN e o1 I = 171 N SR S 1 il L 2
VI gesi o, AH LT AR AT SR TS TR,
INE 1 PNE NS ] R A e e LN S S ES R T O/
B, A AZETTIAE AT SRR B0 . b5 Bt
fill 4725 G 40 7 5 P36 (Sundar, 2008). Z% I,
X o B R RS TE IR R, AT 2w
PR MANT AL 5 AL R PSR AR A A TR

S & 30k
WA, (2020). N LEGRBAELRENZEER. HEWIT,
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Fairness perceptions of artificial intelligence decision-making
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Abstract: Inequality is the biggest challenge for global social and economic development, which has the
potential to impede the goal of global sustainable development. One way to reduce such inequality is to use
artificial intelligence (AI) for decision-making. However, recent research has found that while Al is more
accurate and is not influenced by personal bias, people are generally averse to Al decision-making and
perceive it as being less fair. Given the theoretical and practical importance of fairness perceptions of Al
decision-making, a growing number of researchers have recently begun investigating how individuals form
fairness perceptions in regards to Al decision-making. However, existing research is generally quite scattered
and disorganized, which has limited researchers’ and practitioners’ understanding of fairness perceptions of
Al decision-making from a conceptual and systematic perspective. Thus, this review first divided the relevant
research into two categories. That is, (a) fairness perception studies in which Al is the decision-maker,
which focus on how Al characteristics and individual characteristics affect individuals’ fairness perceptions;
and (b) fairness perception studies that compare Al and humans as decision-makers, which focus on the
comparative effects of Al or humans as decision makers on individuals’ fairness perceptions. Based on this
systematic review, we proposed five promising directions for future research, such as exploring the affective
mechanisms underlying the relationship between Al or individual characteristics and fairness perceptions.
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