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Abstract: Based on China's strategic deployment of “Smart Mine”, the future development and utilization

of mineral resources to achieve mechanization, automation, informatization and intelligence has become an

inevitable trend in the development of the industry. In recent years, with the rapid development of

computer image processing technology, machine vision is widely used in industry. Image recognition

technology based on deep learning will also become an important tool for intelligent beneficiation

plants. This paper briefly describes the main techniques and methods of image recognition, introduces the

current research status of image recognition technology in gravity concentration, magnetic separation and

flotation, and gives an outlook on the application of image recognition technology in mineral processing,

in order to provide a reference for relevant scholars.
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