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Model Based Vehicle Detection and Tracking

HU Yin, YANG Jing-yu
( Nanjing University of Science & Technology, Nanjing 210094 )

Abstract Robust and reliable vehicle detection is the first step in automotive driver assistance systems. In this paper, a
new approach of model matching based on curve projection is presented. The similarity measurement is based on the weigh-
ted sum of integrity of projection, offset expectation and variance of matched point. A scheme for vehicle detection and

tracking is presented based on model matching. Results for natural traffic scenes demonstrate high reliability of the proposed

method.
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Fig. 3 Straight line detection based on model matching
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Fig. 6 Flow chart of vehicle detection algorithm
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